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' p =~ Disparity in sampling across views

High p — High variance in sampled frequency Low p — Uniform sampling

score = Sigmoid (%) where 7 is a threshold and k controls smoothness
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Convert per-Gaussian score to per-view weight map for super-resolution selection
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. B Images of a scene W, = (1 — Render(scoreg)) + Render (1M(t) (Q)) 27.15 PSNR  0.2270 LPIPS 26.75 PSNR 0.241 LPIPS 28.27 PSNR

High-resolution do not sample 3D Regions with low fidelity scores Regions closest to current view We achieve consistently sharper novel renders and improved consistency
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We can use thIS dlspa rlty in ca ptu red | Please see our website and paper for additional qualitative and quantitative results
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